o PN
94 AEROSPACE SHANGHAI 55 36 % 2019 45 5 1

ETXHFREDHS ZZEMRRILLINRE S5
KTt RE T E

BRA EBEF,BFLL,DL B AESLR MWL FLOB A
(1. LB RBRF & FREES SR T RFE, L 2002405 2. Li#fdue TR LA, LiF 201109)

# E.oSEOE AT RIAE L REFI AR TFRELTZRNRS, T4 E. 0N, LA
LI T kMR TR RAT RS R —REFRRGER, HHERET L HFGEMNGFET H P EH
FIRNAFL . RET —HATIFZAZRRE L BERGFETE . ZHFFERTHFERAEAE THET
AR TR AL REFIN AR TR EERBETHOER, 25 F5RBINEASN A LHFGEIT AN
FEmESABIHNKE AN A THENSERE. - FTRRTERERE, SREREAN . ZHL R8T G
FOT 3 69 40 S AR T 3] kA T AL AR R4S

KB LR F 5] Sk ARG AFwmEWE; SHFT

FESES .V 19 MEKARERD A DOI:10. 19328/j.cnki.1006-1630. 2019. 05. 013

Anti-interference Capability Evaluation Based on SVM

Regression and Multi-kernel Boosting
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Abstract: Due to the increasingly complex fighting environment, there is a great need to improve the anti-
interference capability. Therefore, how to evaluate the anti-interference capability of infrared guidance system
precisely, objectively and efficiently has currently become an urgent issue. Since traditional SVM-based methods are
unable to learn the regression effectively with single kernel machine, we propose an automatic method to evaluate
the anti-interference capability based on SVM regression and multi-kernel boosting, using the manual index system
and empirical evaluation results as training samples. The proposed method relies on multiple kernel learning to take
full advantage of multiple features, which reduces the overall regression error. Experimental results show the
effectiveness and efficiency of the proposed method on anti-interference capability evaluation.
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Tab.2 Performance of two sets of data under two

different anti-jamming algorithms
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Tab.3 Performance of two sets of data under two different

anti-jamming algorithms (after normalization)
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Tab.4 Results of analytic hierarchy process
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Tab.5 Results of our method
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